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Abstract: Aiming at the problem that the basic assumption of distant supervision was too strong and easy to produce
noise data, a model of the person entity relation extraction which could automatically filter the training data generated by
distant supervision was proposed. For training data generation, the data produced by distant supervision would be filtered
by multiple instance learning and the method of TF-IDF-based relation keyword detecting, which tried to make the train-
ing data has the manual annotation quality. Furthermore, the model combined lexical and syntactic features to extract the
effective relation feature vector from two angles of words and semantics for classifier. The experiment results on large
scale real-world datasets show that the proposed model outperforms other relation extraction methods which based on
distant supervision.
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